' Robomaster - Awards and Demos

National Champion (2024, 2025) | Real-World Deployment | Adversarial & Real-Time Setting
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National Champion - 2025 Autonomous Navigation (SLAM + MPC) [demo]  Real-Timie AutosAiming[demo] |

All RoboMaster demo videos: link


https://youtube.com/shorts/i2cI-5t54GE
https://youtu.be/OkDH9Lgyx6Q
https://www.youtube.com/watch?v=sJekd55KDkw
https://youtube.com/shorts/i2cI-5t54GE
https://www.youtube.com/watch?v=sJekd55KDkw
https://youtu.be/OkDH9Lgyx6Q
https://www.bilibili.com/video/BV1h8t3zzEWN/?spm_id_from=333.337.search-card.all.click
https://www.bilibili.com/video/BV1dW42197TU/?spm_id_from=333.337.search-card.all.click
https://www.youtube.com/playlist?list=PL0GJhPRXOtoy_NESmaZx74WEnSNarZBsK

l RM Award - SLAM and Navigation System

Factorized Maps and Structured Costs for Real-Time Navigation
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Talk on this system design: link



https://www.bilibili.com/video/BV1hqaKzPEV8/?spm_id_from=333.337.search-card.all.click&vd_source=872f94937c0000b40fa246369f324252
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" SHANGHAI JIAQ TONG UNIVERSITY

Representation Matters for Visuomotor Alignment

Manuscript in preparation. Targeting RSS 2026.

Problem: Spurious correlations in action attention Contributions:

 Propose a factor-decoupled attention design where different
attention heads specialize in distinct perceptual factors
 Enable end-to-end joint optimization of heterogeneous
attention heads within a unified policy

« Validate the effectiveness of factor decoupling across multiple
Action tokens attend to task-irrelevant regions robotic manipulation benchmarks (LIBERO/RoboTwin)

Our Method: Factor-Decoupled Representation Learning  Preliminary Results:

Qualitative analysis on LIBERO; Task performance evaluated on RoboTwin 2.0
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SigLIP (46@M) + Gemma (26B) (1) object (2) robot (3) depth (4) flow (300M)
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“fold shirt” noise Model |Bottle Adjust |Hammer Block|Bin Dump|Card Relocation
P : m0-attn 99% 81% 90% 81%

Explicitly separate object, robot, depth, and flow representations Task-Level Performance onm%JTu
Supplymentary videos: link

To-attn (heatmap) To-depth (depth pred)



https://www.youtube.com/watch?v=9_dJOZxTE3A&list=PL0GJhPRXOtowFqeqklXWUyi2Z8QbBL1Jq&index=5
https://www.youtube.com/watch?v=vxbhxxMoBtY
https://www.youtube.com/watch?v=_mtRyMrcEOI
https://www.youtube.com/playlist?list=PL0GJhPRXOtowFqeqklXWUyi2Z8QbBL1Jq
https://www.youtube.com/watch?v=DfUALS1ul84&list=PL0GJhPRXOtowFqeqklXWUyi2Z8QbBL1Jq&index=4
https://www.youtube.com/watch?v=Bsn8-C1JNvg&list=PL0GJhPRXOtowFqeqklXWUyi2Z8QbBL1Jq&index=3
https://www.youtube.com/watch?v=BEx_m5u1VoA&list=PL0GJhPRXOtowFqeqklXWUyi2Z8QbBL1Jq&index=2

	幻灯片 1: Robomaster – Awards and Demos 
	幻灯片 2: RM Award - SLAM and Navigation System
	幻灯片 3: Representation Matters for Visuomotor Alignment

